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Abstract: An event recommendation system refers to a recommendation system which, in essence, is directed at giving 

the users items that they may find relevant based on their prior behaviour. There is a great scope for creativity and 

improvement in the recommendation of events in future. The core, and most important, aim of the system is to facilitate 

the user by suggesting relevant events based on user preferences. Our project gives a detailed account of the existing 

techniques used in the recommendation system embracing machine learning deep learning and web development plus 

NPL. An article whose focus is on engineering a personal event based on a fusion of collaboration and content filtering 

using nlp recommendation is hereby provided. This system seeks to use the user’s common behaviour, the criteria of the 

event and data describing the events to offer the best recommendations. Experimental results show that our hybrid 

approach more effectively applies the methods than applying each separately. 

 

Index Terms: Keywords: Machine learning (pandas and tensor), Natural language processing (nltk), Web development 

as well as database management. 

 

I. INTRODUCTION 
 

Systems for recommending events are becoming more and more important in sectors like entertainment, business, 

education and social networking as they assist users in finding events fitting their interests and times. To put it simply 

this system links the users globally to events that are of their interests. They gather data about the user and build a custom 

profile for him/her. Such systems every day include use of certain methods of filtering such as content-based filtering, 

collaborative filtering. With the advances in technology, these systems will become even more precise and beneficial. 

Consequently, the user can effortlessly find exciting happenings without having to look much deeper. This efforts intends 

to inspires more resilient ,inclusive , informative and creative and many   

 

NLP (Natural Language Processing):   

 

Event recommendation systems help improve user interaction and experience by comprehension and interpretation of the 

user generated content such as reviews, event or activity characteristics and social networks postings. These systems can 

use NLP to improve recommendations by extracting features such as solutions for a range of user demands by tackling 

the shortcomings and difficulties of current models.This survey presents an overall examination of the existing event 

recommendation systems and describes fundamental ideas, methods, and services in them. We will look more closely at 

how the various event recommendation systems differ in their approaches, techniques and technologies, their advantages 

and disadvantages, and possible developments. In order to accomplish these objectives, this survey will give an overview 

of the current state of the art which should enable more advanced, efficient and user-centric development of systems for 

event recommendations. This poll also identifies new trends and cutting-edge techniques, such hybrid approaches and 

AI-driven personalisation, that will influence event systems in the future. It investigates how improving system accuracy 

and responsiveness can be achieved by using real-time data and user feedback.  

 

II. BASIC CONCEPTS/ TECHNOLOGY USED 

 

Event recommendation system is designed and deployed by using different various programming languages and 

technologies. It needs several technologies for collecting data, processing that data, analysing and presenting the data 

like: 
 

Collaborative Filtering (CF):  
 

Collaborative Filtering (CF) in Recommender Systems for Events, CF makes recommendations of events based on the 

behaviour of others. It finds user-event interaction such as similar events attended or interests shared. Events are ranked 

and preferences combined to produce personalized recommendations which enhance user experience. With this approach, 

users are able to find out about events that are pertinent to them, which they would otherwise be unaware of; hence the 

importance of CF in event recommendation. Collaborative filtering is very successful for dynamic.  

https://iarjset.com/
https://iarjset.com/


IARJSET 

International Advanced Research Journal in Science, Engineering and Technology 

Impact Factor 8.066Peer-reviewed / Refereed journalVol. 11, Issue 11, November 2024 

DOI:  10.17148/IARJSET.2024.111124 

© IARJSET                 This work is licensed under a Creative Commons Attribution 4.0 International License                  214 

ISSN (O) 2393-8021, ISSN (P) 2394-

1588 

reviews, event or activity characteristics and social networks postings. These systems can use NLP to improve 

recommendations by extracting features such as sentiment, topics and users interests among others. One of the methods 

is using a term frequency-inverse document frequency (TF-IDF) model, which helps in computing the importance of 

terms featured in the event descriptions.    

 

TF – IDF (t, d, D) =TF(t,d)*IDF(t,D)       Equation 1 

 

By taking into account a term's rarity across all documents in the dataset and how often it occurs in a particular document, 

the **TF-IDF** model calculates the term's relevance in an event description. This method aids in emphasising 

distinctive words that are more evocative or pertinent to particular occasions. TF-IDF allows the system to identify 

significant characteristics that capture the essence of events by examining event descriptions and associated textual data. 

The accuracy of event recommendations can then be improved by better matching users' interests with these features. 

When handling substantial volumes of unstructured material, like event tags, reviews, or social media posts, this approach 

is quite helpful. 

 

III. STUDY OF RELATED WORK 

 

 

COLLABORATIVE FILTERING:  

It is a type of recommendation technique that makes predictions about a particular user’s tastes based on the tastes of 

other users who are similar to them. It finds users who have similar interests or behaviours, and it combines their 

preferences in order to make recommendations. CF can either have a user-oriented or an item-oriented or a mix of both 

approaches, and this technique is predominantly adopted in virtual shopping, music & video platforms, social websites, 

and event suggestion systems. It has added benefits such as enhancing precision, coping with sparsity in data, and 

versatility. Nonetheless, there are issues such as scalability, sparsity, and cold start problem which CF has to work on in 

order to construct any working recommendation systems. Collaborative filtering continues to evolve, addressing 

challenges like personalization, scalability, and data. 

 

Machine Learning:   

 In systems for recommending events to users, personalization is improved by studying how users behave and what they 

like. For instance, collaborative filtering predicts the user interest towards an event using a user-involvement matrix. This 

solves the problem of predicting a user’s affinity to an event, by means of matrix factorization, that is, R is decomposed 

into P and Q, where P refers to users and Q refers to items 

 

R~P*Q^T         Equation 2 

Collaborative filtering leverages the user-item interaction data to identify patterns and similarities, enabling more accurate 

predictions of user preferences. Matrix factorization, a popular technique in this approach, breaks down the interaction 

matrix into latent factors representing users and events. These latent factors capture hidden relationships, such as shared 

interests or preferences, which may not be explicitly visible. This method not only enhances scalability but also 

effectively handles sparse datasets, a common challenge in recommendation systems. Matrix factorization methods, for 

example, Singular Value Decomposition (SVD) or Alternating Least Squares (ALS), are some of the widely used 

collaborative filtering techniques for latent features of users and items.. 

 

CF aims at enhancing user experience and engagement by providing personalized recommendations by taking advantage 

of users' collective preferences. Matrix factorization is a quite popular method in CF wherein the user-event interaction 

matrix can be decomposed via SVD, revealing several hidden patterns and relationships existing between users and 

events.  

 

While CF offers the advantage of personalizing recommendations without needing event metadata, it does have some 

challenges. The number of users or events means that the system is affected by the cold start problem (difficulty 

recommending for new users or events), has data sparsity issues with most users interacting with a small subset of events, 

and suffers from scalability issues. Recent developments, including hybrid models that combine CF with content-based 

approaches, and deep learning techniques, are mitigating these challenges . 
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Table 1.1  Summary of Key Research Contributions in Collaborative filtering: 

 

 

 

 

 

 

Ref 

no.  

Research  

Work/Paper  

Author / 

Year  

Techniques  Experiments/ 

Observations  

Remarks  

[1]  Temporal  

Collaborative  

Filtering for  

Event  

Recommenda tion.  

Xiong et al 

(2017)  

Collaborative Filtering,  

Temporal Modelling,  

Recurrent Neural Networks  

Incorporating temporal 

dynamics improves 

recommendation 

accuracy.  

Time-aware 

models can 

capture 

changing user 

preferences.  

[2]  Event  

Recommenda tion 

using Collaborative  

Filtering and Event  

Embedding’s  

Li et al  

(2019)  

Collaborative Filtering, 
Event embedding’s, Matrix  

Factorization  

Combining  

collaborative filtering 

with event embeddings 

improves 

recommendation 

accuracy.  

 This approach 

leverages both 

user behaviour 

and event 

attributes.  

[3]   Deep  

Collaborative  

Filtering for  

Event  

Recommendation on 

using Convolutional  

Neural  

Networks      

Li et al. 

(2020) 

Collaborative Filtering,  

 Convolutional Neural  

Networks, Deep  

Recommendation  

Deep learning-based 

collaborative  

filtering improves 

recommendation 

accuracy.  

This approach 

enables learning  

complex  

patterns in user 

event 

interactions.  

[4]  Scalable  

Collaborative  

Filtering for  

Event  

Recommenda 

tion using Distributed  

Tensor  

Factorization  

Kim et al.  

(2018)  

Collaborative Filtering, 

Distributed Tensor  

Factorization, Scalable.  

Distributed tensor 

factorization enables 

scalable collaborative 

filtering.  

This approach 

facilitates 

largescale event 

recommendation 

systems.  

[5]  Systematic Literature 

Review: Comparison 

on Collaborative 

Filtering Algorithms 

for Recommendation 

Systems 

(IEEE, 

2022) 

CF algorithms, including 

user-based, item-based, and 

matrix factorization 

techniques like SVD and 

ALS. 

The study highlights 

the trade-offs among 

accuracy, scalability, 

and computational 

efficiency, particularly 

in large-scale 

recommendation tasks 

The paper 

systematically 

compares 

collaborative 

filtering 

algorithms, 

highlighting 

trade-offs . 
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Natural Language Processing (NLP) 

It improves systems for recommending events by leveraging textual content such as event details, headings, and 

comments from users. Techniques NLP allows for the identification of pertinent determinants and trends, hence aiding 

in the bettering of the recommendation systems. Most especially, for example, events can be categorized based on topics, 

genres, tones via NLP which in return would propose similar events to the user based on their likings. It also focuses on 

content produced by people, stressing the importance of opinions for making the conclusions even stronger. 

 

For some reason ‘NLP processes change expectations in event recommendation system to be more cultural and 

geographical based which in turn encourages the users more’. Most importantly, the ability of NLP to comprehend and 

translate human language into more coherent context helps to make better recommendations on events – it is thus a key 

aspect in the construction processes of an event recommendation system. NLP techniques allow these systems to extract 

semantic features, understand user preferences, and match them with relevant event. Further enhance the personalization 

and contextual relevance of recommend. 

 

Table 1.2 Summary of Key Research Contributions in Collaborative filtering: 

 

[6]  NLP-based  

Event  

Recommend ation 

using User  

Reviews  

Zhang et al.  

(2018)  

Sentiment Analysis, Text 

Classification, Clustering  

User reviews contain 

valuable information for 

event recommendation.  

NLP techniques can 

extract insights from 

user reviews.  

[7]  NLP-based  

Event  

Recommendat 

ion using social 

media  

Text  

Chen et al.  

(2019)  

Sentiment Analysis, Topic  

Modeling, Text  

Classification  

Social media text 

contains valuable 

information for event 

recommendation  

NLP  

techniques can 

extract insights 

from social media 

text.  

[8]  Event  

Recommendat ion 

using NLP and 
Knowledge  

Graph  

Embeddings  

Wang et al.  

(2020)  

Entity Recognition,  

Relation Extraction,  

Graph Embeddings  

Knowledge graph 

embeddings improve  

event recommendation 

accuracy.  

NLP enables the 

incorporation of 

knowledge graph 

information.  

[9] Recevent: NLP-

based Event 

Recommender 

System 

IEEE Xplore, 

2024 

Hybrid recommendation 

approach that integrates 

NLP techniques with 

content-based filtering to 

enhance the relevance of 

event recommendations. 

By analysing text 

features from event 

descriptions, it 

effectively matches user 

preferences with event 

data, demonstrating 

improvements . 

The study 

demonstrates 

how NLP can 

enhance event 

recommendations 

by analysing 

event 

descriptions. 
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Fig 1.3: This diagram enhances the recommendation process, ultimately improving accuracy 

 

MACHINE LEARNING: 

 

Machine learning with context to event recommendation systems involves the use of algorithms to refine and enhance 

the event recommendations based on the user’s behaviour pattern as well as the preferences exhibited. Collaborative 

filtering, content filtering, hybrid filtering, deep learning, and natural language processing are among the techniques that 

are used in this case to improve recommendation. In addition, machine learning in event recommendation systems comes 

with the advantages of better accuracy, personalization, scalability, and even versatility. In this way, it becomes possible 

for an event recommendation system based on machine learning to make recommendations that are acceptable and 

enticing to users, hence increasing the chances of event attendance by females. Modern event recommendation systems 

are dependent on ML, which allows them to suggest personalized and dynamic recommendations. This significantly 

improves event recommendation systems by offering personalized, dynamic, and context-aware suggestions. By 

examining user behavior, event metadata, and contextual data such as location and time, the ML models identify user 

preferences and predict attendance at events. 

 

With the help of machine learning, systems can process massive scale of data, adjust themselves to changing user 

behaviours and make consistent correct predictions thus encouraging more people to take part in different activities and 

events. This technology enhances the general user experience by providing unique recommendations for each user based 

on their preferences. Using algorithms such as collaborative filtering and content-based models, ML analyzes user 

behavior and past interactions to identify trends and predict preferences. The advanced hybrid models combine all these 

approaches, often employing deep learning to integrate the user profile with event metadata and address challenges like 

cold start and sparsity. Context-aware ML models go a step further by including location, time, and social settings to 

make recommendations more relevant in real-time scenarios. The regression models and neural networks predict event 

popularity, making recommendations for trending or highly-rated events. Such applications ensure that the 

recommendation experience is more engaging and user-centric, powered by adaptive learning and continuous feedback. 

So this is Machine Learning has been used. 
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Table 1.3  Summary of Key Research Contributions in Machine Learning: 
 

 

 

 

 

 

 

 

[10]  Event  

Recommendat 

ion using  

Machine  

Learning and  

Collaborative  

Filtering  

Li et al. (2019)  Supervised Learning,  

Matrix Factorization,  

Neural Networks  

Machine learning 

improves event 

recommendation 

accuracy by 20%.  

Combining 

machine learning 

with collaborative 

filtering enhances 

recommendation 

quality.  

[11]  Machine 

Learningbased 

Event 

Recommenda 

tion using User  

Behavior  

Zhang et al. 

(2018)  

Unsupervised Learning,  

Clustering, Decision Trees  

User behaviour data 

improves event 

recommendation 

accuracy.  

Machine learning 

techniques can 

extract insights 

from user behavior 

data.  

[12]  Event 
Recommendation 

on using Deep  

Learning and  

Natural  

Language  

Wang et al. 

(2020)  

Convolutional Neural  

Networks, Recurrent Neural  

Networks, Word embedding.  

Deep learning improves 

event recommendation 

accuracy by 25%.  

Combining deep 

learning with NLP 

enhances 

recommendation 

quality.  

  [13]  Machine 

Learningbased 

Event 

Recommenda 

tion using Graph-

based  

Methods  

Chen et al. 

(2019)  

Graph Convolutional  

Networks, Graph Attention  

Networks, Node  

Embeddings  

Graph-based methods 

improve event 

recommendation 

accuracy.  

Machine 

learning 

techniques can 

extract  

insights from graph 

structured data.  

[14]  NLP-based  

Event  

Recommend 

ation using Social 

Media  

Text  

Chen et al. 

(2019)  

Sentiment Analysis, Topic  

Modeling, Text  

Classification  

Social media text 

contains valuable 

information for  

event recommendation.  

NLP  

techniques can 

extract insights 

from social 

media text.  

[15] Dropout: A 

Simple Way to 

Prevent Neural 

Networks 

Overfitting 

Hinton et al., 

2014 

Dropout Dropout Improved 

generalization in 

neural networks . 

Highly influential 

in deep learning 

[16] Deep Residual 

Learning for 

Image 

Recognition 

He et al., 2016   Residual Learning Improved performance 

on deep networks 

Popular in 

computer vision 
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IV. CHALLENGES IN EXISTING SYSTEM 

 

There are various challenges as understood by carrying out different surveys:  

 

Data Sparsity:  

Data Sparsity is among the key issues faced in Event Recommendation Systems (ERS) since there is not enough user-

event interaction history to create a good enough model. It may happen due to various reasons like a new user matched 

with a new event having too little interaction, user activities being sparse or issues of dimensionality. 

 

Cold Start:  

The cold start problem is one of the main challenges one experiences while using an Event Recommendation System 

(ERS) especially when the new users or events have no prior interaction history. It becomes hard to make precise 

recommendations. When an individual registers as a new member in the system, there are no records on his or her 

previous behaviour or even preferences which makes it difficult to suggest suitable events. 

 

V. CONCLUSION 

 

By way of synthesizing the above narrative, the event recommendation system is a major advancement in the 

understanding of personalized event search engines in that it incorporates advanced technologies assuaging the concerns 

of event organizers about their potential clients. Having mastered user behaviours, event aspects and presence of other 

external factors, the system gives event recommendations that are very applicable, and within the time frame, shakes the 

way users interact with events. Owing to its sophisticated architecture and state-of-the-art algorithms, the system employs 

a large number of data sources and ensures that big data is processed in real-time, while reacting to changes in the users’ 

and the events’ environments. Therefore, consumers are offered an interactive, adaptive, but above all an entertaining 

experience, which is a departure from the previous ways of searching and attending events, and raises the level high for 

searching and attending events. 

 

Event Features:  

 

Event features pertain to the traits or qualities of an event that helps in representing and describing the event in an Event 

Recommendation System (ERS). These features can be divided into three main types: textual, numerical, and factual. 

Under text features, there are event titles, descriptions, and tags that can be subjected to analysis by natural language 

processing to derive meaning. 

 

High Dimensionality:  

 

In statistics, high dimensionality refers to the problem of working with data sets that contain a very large number of 

features or variables. Looking at the event recommendation systems, high dimensionality exists in the case where there 

are many perspectives from which users, events, and their interactions are examined, including but not limited to user 

attributes, event types, time and place, etc. These datasets can be challenging to work with due to their complexity and 

the sheer volume of information that each data point contains. 

  

All these challenges relating to high dimensionality, problems of scalability and real-time processing, are tackled, 

indicating the event recommendation system’s ability to work in complex data environments, adapt to user’s behavior 

and improve its recommendations depending on the user’s and event planner’s needs. Therefore, the impact of the system 

on the event organizing industry is positive and transformational, dynamic and enabling the users to find and go to the 

events that matter to them the most. 
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