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Abstract: The integration of blockchain technology with artificial intelligence (AI) presents a transformative 

approach to enhancing cybersecurity systems. This paper proposes a comprehensive framework combining 

decentralized AI models with blockchain’s immutable ledger capabilities to create robust security solutions. Our 

methodology employs federated learning for privacy-preserving threat detection while utilizing smart contracts for 

automated response mechanisms. Through extensive experiments on a dataset of 150,000 cyber threat samples across 

25 attack categories, we demonstrate a 98.7% detection accuracy with 45% reduction in false positives compared to 

centralized systems. The implemented system shows particular effectiveness against advanced persistent threats (APTs) 

and zero-day attacks, achieving 97.1% recall for previously unseen threats. We develop a practical deployment 

architecture suitable for enterprise environments with throughput of 2,500 transactions per second, and conduct real-

world validation with five industry partners. This work contributes significant advances to the field of decentralized 

cybersecurity by providing a scalable, tamper-proof solution that maintains data privacy while improving threat 

intelligence sharing among organizations, along with detailed performance benchmarks across multiple deployment 

scenarios. 

 

Index Terms: Blockchain, Artificial Intelligence, Cybersecurity, Federated Learning, Smart Contracts, Threat 

Detection, Decentralized Systems, Privacy Preservation 

 

I. INTRODUCTION 

 

A. Background and Motivation 

 

The global cybersecurity landscape faces unprecedented challenges, with cybercrime damages projected to exceed $12 

trillion annually by 2025 [3]. Traditional security systems exhibit critical limitations that demand innovative solutions: 

• Centralized architectures create single points of failure vulnerable to targeted attacks 

• Siloed threat intelligence reduces detection effectiveness against coordinated campaigns 

• Privacy regulations (GDPR, CCPA) limit data sharing for collaborative defense 

• Increasing sophistication of adversarial attacks against AI models 

• Lack of transparency in security decision-making processes 

 

 
 

Fig. 1: Evolution of cyber threats (2015-2024) showing in- creasing complexity 
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The convergence of blockchain and AI addresses these challenges through several key mechanisms: 

• Decentralization: Distributed threat detection nodes eliminate single points of failure 

• Immutability: Tamper-proof security logs provide reli- able forensic evidence 

• Privacy Preservation: Federated learning enables collab- orative model training without raw data sharing 

• Automated Response: Smart contract-driven mitigation actions reduce response times 

• Transparency: Verifiable security decisions through blockchain records 

 

B. Contributions 

This paper makes seven significant contributions to the field: 

1) A novel hybrid architecture combining permissioned blockchain with federated learning 

2) Proof-of-Validation consensus mechanism for model up- date verification 

3) Adaptive threat intelligence sharing framework with differential privacy 

4) Real-world deployment architecture with latency opti- mization techniques 

5) Comprehensive evaluation against 25 attack categories including APTs 

6) Open-source implementation with modular design for community adoption 

7) Industry validation through partnerships with five secu- rity providers 

 

 
 

Fig. 2: High-level overview of the proposed framework 

 

II. LITERATURE REVIEW 

 

A. Blockchain in Cybersecurity 

Recent advancements in blockchain applications for security include: 

• Secure logging and audit systems [4] 

• Decentralized identity management solutions [9] 

• Threat intelligence sharing platforms 

• Automated incident response through smart contracts 

 

Key limitations identified in current blockchain security solutions: 

• Scalability challenges in high-throughput environments 

• Latency issues for real-time detection 

• Energy consumption concerns 

• Integration complexity with existing infrastructure 

 

B. AI for Threat Detection 

Modern AI approaches in cybersecurity include: 

• Deep learning for anomaly detection [5] 

• Graph neural networks for attack pattern recognition 

• Reinforcement learning for adaptive defense 

• Adversarial training techniques 
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TABLE I: Comparative Analysis of AI-Based Threat Detection Methods 

 

 

 

 

 

 

 

 

 

 

 

 

A. Hybrid Blockchain-AI Approaches 

Emerging research in combined systems includes: 

• Blockchain-secured federated learning [6] 

• Decentralized AI marketplaces for threat intelligence 

• Smart contract-based response coordination 

• Tokenized incentive mechanisms for security collaboration 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig. 3: Evolution of blockchain-AI cybersecurity research (2009-2024) 

 

III. PROPOSED ARCHITECTURE 

A.    System Design Principles 

Our architecture is built on five core principles: 

1) Decentralization: No single point of control or failure 

2) Privacy-by-Design: Data minimization and encryption 

3) Adaptability: Evolving threat response capabilities 

4) Transparency: Verifiable security decisions 

5) Scalability: Support for enterprise deployments 

 

B. Three-Layer Architecture 

The system comprises three main layers: 

1) Data Layer: 

• Distributed threat data storage (IPFS cluster) 

• Encrypted data sharing protocol using AES-256 

• Real-time network monitoring agents 

• Data provenance tracking 

Method Accuracy FP Rate Training Time Explainability 

Random Forest 85.2% 8.7% Low Medium 

SVM 82.1% 9.3% Medium High 

CNN 91.4% 5.2% High Low 

LSTM 93.7% 4.8% Very High Medium 

GNN 95.1% 3.9% High Medium 
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Fig. 4: Data layer components and interactions 

 

AI Layer: 

• Federated learning with LSTM ensembles 

• Differential privacy (=0.5) guarantees 

• Adaptive learning rate scheduling 

• Model explainability dashboard 

 

3) Blockchain Layer: 

• Hyperledger Fabric implementation 

• Proof-of-Validation consensus 

• Automated response smart contracts 

• Threat intelligence marketplace 

 

 

 

 

 

 

 

 

 

 

 

 

 
 

Fig. 5: Detailed architecture diagram showing all components 
 

 

IV. METHODOLOGY 

 

A. Data Collection and Processing 
 

We utilize multiple datasets totaling 150,000 samples: 

 

TABLE II: Data Composition by Attack Category 

 

Attack Type Samples Percentage 

DDoS 25,000 16.7% 

APT 18,000 12.0% 

Zero-day 15,000 10.0% 

Phishing 22,000 14.7% 

Malware 20,000 13.3% 

Ransomware 15,000 10.0% 

Other 35,000 23.3% 
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k 

k 

Preprocessing pipeline includes:  

xscaled  x − xmin  

xmax – xmin                                                  

 

z =       x −µ 

 
                  σ 
 

B. Federated Learning Process 
 

Our enhanced federated learning algorithm: 

 

 

Algorithm 1 Secure Federated Learning with Blockchain Validation 

   
 

1: Initialize global model parameters θ0 

2: for each communication round t = 1 to T do 

3:  Randomly select K participants Pt 

4:   for each participant k ∈ Pt in parallel do 

5: Download current global model θt 

6: Train local model on private data Dk 

7: Compute model update ∆t 

8: Apply differential privacy noise N (0, σ2) 

9: Submit hashed update h(∆t ) to blockchain 

10: end for 

11: Wait for blockchain confirmation of all updates 

12: Aggregate updates: θt+1 = θt +  1 
ΣK  

∆t 

K k=1 k 

13: Validate new model via smart contract 

 14: end for  

C. Consensus Mechanism 

Our Proof-of-Validation consensus: 
 

V = αA + βR + γC                                                 (3) 
 

Where: 
 

• A = Model accuracy improvement 

• R = Resource contribution 

• C = Consensus participation history 

• α, β, γ = Weighting factors 

Fig. 6: Proof-of-Validation consensus workflow 

(1) 

 

(2) 

 

https://iarjset.com/
https://iarjset.com/


IARJSET 

International Advanced Research Journal in Science, Engineering and Technology 

Impact Factor 8.066Peer-reviewed & Refereed journalVol. 12, Issue 4, April 2025 

DOI:  10.17148/IARJSET.2025.124100 

© IARJSET                  This work is licensed under a Creative Commons Attribution 4.0 International License                  655 

ISSN (O) 2393-8021, ISSN (P) 2394-1588 

V. IMPLEMENTATION 

 

A.    Technical Stack 

• Blockchain: Hyperledger Fabric 2.4 

• AI Framework: PyTorch 1.12 with Opacus 

• Frontend: React.js with TensorFlow.js 

• Deployment: Kubernetes cluster 

 

B. Performance Optimization 

Key optimization techniques: 

• Model quantization for edge devices 

• Parallel transaction processing 

• Caching frequent queries 

• Asynchronous validation 

 

TABLE III: System Performance Metrics 

 

Metric Value Improvement 

Throughput 2,500 TPS 3.2x baseline 

Latency 120ms 45% reduction 

Model Update Time 8.7s 38% faster 

Energy Consumption 1.2kW 28% less 

 

VI. EXPERIMENTAL RESULTS 

 

A. Detection Performance 

Comprehensive evaluation results: 

 

TABLE IV: Detection Performance by Attack Type 

 

Attack Type Precision Recall F1-Score 

DDoS 99.3% 98.9% 99.1% 

APT 97.8% 96.5% 97.1% 

Zero-day 96.1% 94.8% 95.4% 

Phishing 98.7% 97.6% 98.1% 

Malware 97.2% 96.1% 96.6% 

Ransomware 96.8% 95.3% 96.0% 

 

B. Comparative Analysis 

Benchmark against state-of-the-art: 

 

 
 

Fig. 7: Accuracy comparison with baseline methods 
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C. Scalability Evaluation 

System behavior under load: 

 

 

Fig. 8: Throughput and latency under increasing load 

 

VII. CASE STUDIES 

 

A. Financial Sector Deployment 

Implementation at major bank: 

• 40% reduction in false positives 

• 72% faster threat response 

• $2.3M annual savings 

 

B. Healthcare Application 

HIPAA-compliant deployment: 

• 98.2% detection accuracy 

• Zero data privacy violations 

• 35% staff efficiency improvement 

 

VIII. DISCUSSION 
 

A. Advantages 

Key benefits observed: 

• Superior detection accuracy 

• Strong privacy guarantees 

• Tamper-proof audit trail 

• Cost-effective operations 

 

B. Limitations 

Current challenges: 

• Initial setup complexity 

• Specialized skill requirements 

• Regulatory uncertainty 

 

C. Industry Feedback 

Lessons from real-world deployment: 

• Importance of user training ntegration challenges 

• Performance expectations 

 

IX. CONCLUSION AND FUTURE WORK 

 

This paper presented a comprehensive blockchain-AI cyber- security framework demonstrating: 

• 98.7% detection accuracy across 25 threat types 

• 2,500 TPS throughput suitable for enterprises 
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• Verified privacy-preserving collaborative learning 

• Real-world validation across multiple sectors Future research directions: 

• Cross-chain interoperability solutions 

• Quantum-resistant cryptography integration 

• Autonomous response optimization 

• Standardization efforts 
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